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Data Quality Matrix: 7—42t v F D2HK

Data Shape

Train

7,613 Rows / 5 Columns

Test

3,263 Rows / 4 Columns

Column Health & Missing Values
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100% ‘K183 0% (Healthy)

keyword

99.2% K18Z 0.8% (Minor)
location
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Target Baseline: ¥—7v M3 L REREE

Target Class Distribution Baseline Accuracy
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Anatomy of Tweets: T+ X MMEEDLLER
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Twitter Meta-Features: 58 1785327 F)1

Average Count of Twitter Specific Features
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Keyword Extremes: ¢

Top 15 Keywords with HIGHEST Disaster Rate (N >= 15)
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N-gram Context: XD 6 1o 5 THEERE

Top 15 Unigrams in Disaster Tweets
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The Data Detective's Dashboard

The Hidden Trap: SRNILDBRSET—2)—2

Target=1 ()

17917 DEET | 1 81¢
Raw Data FAFZRR
-- (69D 1=—% SKRIDRSICBESLTWRE
FEZARPN) BT+ bh18tF (¥940~5017

) FET S,

Target = 0 (FEXE)

(B OEEEH) |
CNBREFLOFMEIC/ 1 XEb5T, PBAICSHATIANER—T 3D, BE
TERLICFOY T 39U — =V SUBHRAR,

A NotebookLM



Synthesis: Feature Engineering Blueprint

Data Preprocessing & Engineering Pipeline
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deep_research.md | | @
(Kagglefi& £ E

eda_report.md

¥zt - /57D

B&n1k)

L HiEa(k)

deep_research.mdZz 1 > 7w k
L. N 751402 BEEE

a ™)

{(i\"p Total Tool Cost: Google Antigravity / Google Gemini Pro (2,900F/H)
© | RIERDIR FTREEDKaggleT S =7 ) 5 %=BR,

L S

A NotebooklM




MRTERFEETILELTORIIERX DT DERK

a

Metrics Panel

-
Local 5-Fold OOF F1 Score

(eapist_panarer_parameters, -817)

0. 844@0

(F=FBLETILOR

1.'!"5

V/

B Kaggle Public Leaderboard M

1. Data Cleansing

111EOSAIFEEZSERTHRL. &
| U_ytﬁggﬁ&*ﬁgo

2. Adversarial Training

FGM (BB FE) OBAICELS. KD/
1 PR 2 AUTH T 88BN 7 DEF,

3. Threshold Optimization
5-FoldDFRI 7= Z L.

| .;*Etﬁﬁ‘é r047_| ‘\-Hs_il@ﬂ:o

A) NotebooklM




) =A== RICBEITEIERETILDMUEDIT EHAiTPRA

1.00000 D=9NyI(F—F) BERFEBCLTOMERL, NEBT—2DOAE L,

0.85000 - 0.86000 IEsp FOIRR(E 7YY IL+BUIS AL+ X 2SR,

0.84400 (7O ) ZBRETILOREIE
FGM + roberta-large + B{EmzE b, FERICELVVINIEIERE,

0.82000 - 0.83500 IEEFEERES BENLBERTRD T 74 Y Fa—=4, BEEDIKEHD,

0.78000 - ©0.81000 DHENFEE TF-IDF, XGBoost#i ¥, BEE38E ICfikTF.

0.57000 N=RTA1>/ 2TIELEO) TR,

A NotebooklLM




IVRY=IVRDETIVERNA T 51 V56T

[Step C]
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A. Cleansing Funnel
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B: Preprocessing Before/After
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(Model Selection Rationale)
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5-Fold Stratified K-Fold

Threshold Search
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Total Time: 154 minutes (2E5[E344%)
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The Engineering
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