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O1_kaggle_rf_titanic_0.75358.py

import pandas as pd
from sklearn.ensemble import RandomForestClassifier

train_df = pd.read_csv("train.csv")
test_df = pd.read_csv("test.csv")

train_df["Sex"] = train_df["Sex"].map({"male": 0, "female": 1})
test_df["Sex"] = test_df["Sex"].map({"male": 6, "female": 1})

train_df["Age"].fillna(train_df["Age"].median(), inplace=True)
test_df["Age"].fillna(test_df["Age"].median(), inplace=True)
test_df["Fare"].fillna(test_df["Fare"].median(), inplace=True)

train_df["Embarked"].fillna("S", inplace=True)

test_df[ "Embarked"].fillna("S", inplace=True)

train_df["Embarked"”] = train_df["Embarked"].map({"S": @&, "C": 1, "Q": 2})
test_df["Embarked"] = test_df["Embarked"].map({"s": @, "C": 1, "Q": 2})

features = ["Pclass™, "Sex", "Age", "SibSp", "Parch”, "Fare", "Embarked"]
= train_df[features]

y = train_df["Survived"]

X_test = test_df[features]

model = RandomForestClassifier(random_state=42)
model.fit(X, y)
predictions = model.predict(X_test)

submission = pd.DataFrame({
"PassengerlId": test_df["PassengerId"],
"Survived": predictions

1))

submission.to_csv("@1_kaggle_rf_titanic.csv", index=False)
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02_kaggle_lgbm_titanic_0.74641.py

import pandas as pd
import lightgbm as 1gb

train_df = pd.read_csv("/kaggle/input/titanic/train.csv")
test_df = pd.read_csv("/kaggle/input/titanic/test.csv")

train_df["Sex"] = train_df["Sex"].map({"male": @, "female": 1})
test_df["Sex"] = test_df["Sex"].map({"male": @, "female": 1})

train_df["Age"].fillna(train_df["Age"].median(), inplace=True)
test_df["Age"].fillna(test_df["Age"].median(), inplace=True)
test_df["Fare"].fillna(test_df["Fare"].median(), inplace=True)

train_df["Embarked"].fillna("S", inplace=True)
test_df["Embarked"].fillna("S", inplace=True)

train_df["Embarked"] = train_df["Embarked"].map({"S": @, "C": 1, "Q": 2})
test_df["Embarked"] = test_df["Embarked"].map({"S": @, "C": 1, "Q": 2})

features = ["Pclass", "Sex", "Age", "SibSp", "Parch", "Fare", "Embarked"]
X = train_df[features]

y = train_df["Survived"]

X_test = test_df[features]

model = 1lgb.LGBMClassifier(random_state=42)
model.fit(X, y)
preds = model.predict(X_test)

submission = pd.DataFrame({
"PassengerId": test_df["PassengerId"],
"Survived": preds

1)

submission.to_csv("02_kaggle_lgbm_titanic.csv", index=False)
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03_rf_LabelE_nodrop_0.77272.py

import pandas as pd

import numpy as np

from sklearn.ensemble import RandomForestClassifier
from sklearn.preprocessing import LabelEncoder

train_df = pd.read_csv("train.csv")

test_df = pd.read_csv("test.csv")

test_df[ 'Survived'] = np.nan

df = pd.concat([train_df, test_df], ignore_index=True, sort=False)

BEFICIREZE ZS5 NS
Hd. REIOEHIC
sort=False

label cols = ['Sex', 'Embarked', 'Name', 'Ticket', 'Cabin’] %jb

for col in label_cols: o
le = LabelEncoder() IIﬁEghétLabel
Encoding, Kaggle

df[col] = le.fit_transform(df[col].astype(str))
ScorefIEEGEHEBINTED
SoJEEtEDiL.

df['Age'] = df['Age'].fillna(df[ 'Age'].median())
df['Fare'] = df['Fare'].fillna(df[ 'Fare'].median())

dfm = df

train = dfm[dfm[ 'Survived'].notnull()]

test = dfm[dfm['Survived'].isnull()].drop('Survived', axis=1)
X = train.drop('Survived', axis=1).values

y = train['Survived'].astype(int).values

X_test = test.values

model = RandomForestClassifier(random_state=42)
model.fit(X, y)
final preds = model.predict(X_test) ‘

- gender_submission.csv :

076555 388zl ! |

submission = pd.DataFrame({
"Passengerld": test_df["Passengerld”],
"Survived": final_preds

1) 2025/6/11 8

submission.to_csv("03_rf_LabelE_nodrop.csv", index=False)
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Y25 (Survived ZBE<): 04_rf_LabelE_0.76315.py 05_rf_LabelE_200-6_0.78229.py

7@ import pandas as pd import pandas as pd
import numpy as np import numpy as np
from sklearn.ensemble import RandomForestClassifier from sklearn.ensemble import RandomForestClassifier

from sklearn.preprocessing import LabelEncoder from sklearn.preprocessing import LabelEncoder

o [ =
[AIRRUE I ECIREA]
¢ Passengerld: EEQ@ﬁIDO train_df = pd.read_csv("train.csv") train_df = pd.read_csv("train.csv")
— N test_df = pd.read_csv("test.csv") test_df = pd.read_csv("test.csv")
‘ \bf&‘ \o test_df['Survived'] = np.nan test_df[ 'Survived'] = np.nan
*Name, Ticket, Cabin:
i@%a&’LI}:—%‘>7‘ df['Age'] = df['Age’'].fillna(df['Age’'].median()) df['Age'] = df['Age’'].fillna(df[ 'Age’].median())

= . df['Fare'] = df['Fare'].fillna(df['Fare'].median()) df['Fare'] = df['Fare'].fillna(df[ 'Fare"].median())
ClFERNEE\,

df = pd.concat([train_df, test_df], ignore_index=True, sort=False) df = pd.concat([train_df, test_df], ignore_index=True, sort=False)

label_cols = ['Sex', 'Embarked'] label cols = ['Sex', 'Embarked']
for col in label_cols: vfor col in label_cols:
le = LabelEncoder() le = LabelEncoder()

n_es+ima+ors=200'acaf§® df[col] = le.fit_transform(df[col].astype(str)) df[col] = le.fit_transform(df[col].astype(str))
CVREZIBIRENOKRZH

—
mo \\ 7 #'Lh,a ' 000 dfm = df.drop(columns=['PassengerlId’, 'Name"', 'Ticket','Cabin'], errors='ignore') dfm = df.drop(columns=['PassengerId', 'Name', 'Ticket', 'Cabin'], errors="ignore')
train = dfm|dfm| ‘Survived' |.notnull() | train = arm|dtm| "Survived  |.notnull() |
test = dfm[dfm[ 'Survived'].isnull()].drop('Survived', axis=1) test = dfm[dfm[ 'Survived'].isnull()].drop( 'Survived', axis=1)

° ° -— * — X = train.drop('Survived', axis=1).values X = train.drop('Survived', axis=1).values

TI"'&"ICQ& rd"j‘\o‘\ 7 "L y = train['Survived'].astype(int).values y = train['Survived'].astype(int).values
E,a ﬁwﬁﬁu:ﬁb X_test = test.values X_test = test.values

. [| .
max_depthlfRd 2&, BFH "

- . model = RandomForestClassifier(random_state=42) model = RandomForestClassifier(n_estimators=200, max_depth=6, random_state=42)
m,_ft Z:Tn -tn\‘é model.fit(X, y) model.fit(X, y)

. o final_preds = model.predict(X_test) final_preds = model.predict(X_test)

n_estimators=200, max_depth=6 Zubmsston S nd Datatiam (1 v submission = pd.DataFrame({
— = "PassengerId": test_df["Passengerld"], "PassengerId": test_df["PassengerId”],

"Survived": final_preds "Survived": final_preds

9] B

submission.to_csv("@4_rf_LabelE.csv", index=False) submission.to csv("05 rf LabelE 2€%-G.csv”, index=False
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06_rf_LabelE_200-6_skfold5_0.77990.py

import numpy as np

import pandas as pd

from sklearn.ensemble import RandomForestClassifier
from sklearn.model_selection import StratifiedKFold
from sklearn.preprocessing import LabelEncoder

from sklearn.metrics import accuracy_score

from scipy.stats import mode

train_df = pd.read_csv("train.csv")

test_df = pd.read_csv(“"test.csv")

test_df[ 'Survived'] = np.nan

df = pd.concat([train_df, test df], ignore_index=True, sort=False)

df['Age’'] = df['Age’'].fillna(df['Age’'].median())
df['Fare'] = df['Fare’].fillna(df[ 'Fare’].median())

features = [ 'Pclass’, 'Sex', 'Age’, 'Fare’, 'Embarked’, 'SibSp‘, 'Parch’'] °

dfm = df[['Survived'] + features].copy()
for col in ['Sex', 'Embarked’]:
le = LabelEncoder()
dfm[col] = le.fit_transform(dfm[col].astype(str))

train = dfm[dfm[ 'Survived'].notnull()]

test = dfm[dfm[ *Survived®].isnull()].drop( 'Survived’, axis=1)
X = train.drop("Survived', axis=1).values

y = train['Survived'].astype(int).values

X_test = test.values

CVZOTIFROHICRTINGT

Fold 1 CV Accuracy: 0.84916
Fold 2 CV Accuracy: 0.80899
Fold 3 CV Accuracy: 0.81461
Fold 4 CV Accuracy: 0.84270
Fold 5 CV Accuracy: 0.85955
Mean CV Accuracy: 0.83500

CV SKFold:5 B ALT, HLRIOTHTF
hi-fchi- .., Private LBCOREM (RAT
DTRHS\&5)ZEEREUT,

CV SKFold:5, n estimators:200CG D,

skf = StratifiedKFold(n_splits=5, shuffle=True, random_state=42)
test_preds = []
val scores = []
for fold, (train_idx, val idx) in enumerate(skf.split(X, y), 1):
model = RandomForestClassifier(n_estimators=200, max_depth=6, random_state=42)
model.fit(X[train_idx], y[train_idx])
val pred = model.predict(X[val idx])
val acc = accuracy_score(y[val idx], val_pred)
val scores.append(val_acc)
print(f"Fold {fold} CV Accuracy: {val_acc:.5f}")
test_preds.append(model.predict(X_test))
print(f"Mean CV Accuracy: {np.mean(val_scores):_5f}")

test_preds = np.array(test_preds)
final preds = mode(test_preds, axis=0, keepdims=False).mode

submission = pd.DataFrame({
"PassengerId’: test_df['Passengerld’],
'Survived': final_preds.astype(int)

})
submission.to_csv("@6_rf_LabelE_280-6_skfold5.csv", index=False)
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07 _rf_LabelE_200-6_skfold5_Fe_0.78947.py

import numpy as np

import pandas as pd features = ['Pclass','Sex"',"Age’, "Fare', "Embarked’, 'Title', 'Family L', 'Cabin_ L"]

from sklearn.ensemble import RandomForestClassifier dfm = df[['Survived'] + features].copy()
from sklearn.model_selection import StratifiedKFold for col in ['Sex', 'Embarked', 'Title', 'Cabin L']:
» E p — =
from sklearn.preprocessing import LabelEncoder e = Lt grarie=T
from sklearn.metrics import accuracy_score Sl = = e e | s =

from scipy.stats import mode

train = dfm[dfm[ 'Survived'].notnull()]

train_df = pd.read csv("train.csv") test = dfm[dfm['Survived'].isnull()].drop('Survived’, axis=1)
test_df = pd.read_csv("test.csv") X = train.drop('Survived’, axis=1).values

test_df['Survived'] = np.nan y = train['Survived'].astype(int).values

df = pd.concat([train_df, test df], ignore_index=True, sort=False) 7 Cast = Sestvallines

df[ 'Age’] = df['Age’].fillna(df['Age’].median()) skf = StratifiedKFold(n_splits=5, shuffle=True, random_state=42)

df[ "Fare'] = df['Fare'].fillna(df['Fare’'].median()) oot pmeis = (]

val scores = []
for fold, (train_idx, val idx) in enumerate(skf.split(X, y), 1):
model = RandomForestClassifier(n_estimators=200, max_depth=6, random_state=42)

df[ "'Title'] = df['Name"].map(lambda x: x.split(’, ")[1].split(". ')[e]) gl E et ek o e sl
df[ "Title'].replace([ 'Capt’', 'Cel’', 'Major', 'Dr', "Rev'], 'Officer', inplace=True)
df['Title'].replace(['Don"', 'Sir', 'the Countess', "Lady', 'Dona'], "Royalty', inplace=True)
df[ "Title'].replace([ 'Mme', 'Ms'], 'Mrs', inplace=True) o1l memrEs szl ez
df['Title'].replace(['Mlle’], 'Miss', inplace=True) print(f"Fold {fold} CV Accuracy: {val acc:.5f}")
df['Title'].replace([ 'Jonkheer'], 'Master’, inplace=True)

val pred = model.predict(X[val idx])
val acc = accuracy score(y[val idx], val pred)

test preds.append(model.predict(X test))

print(f"Mean CV Accuracy: {np.mean(val scores):.5f}")
df["Cabin’] = df['Cabin'].fillna('Unknown")

df["Cabin_L'] = df['Cabin'].str.get(0)

test preds = np.array(test preds)
df[ "Embarked'] = df['Embarked'].fillna('s")

final preds = mode(test preds, axis=08, keepdims=False).mode
df[ "Family'] = df['SibSp"] + df['Parch'] + 1
df['Family L'] = np.select([
(df['Family'] »>= 2) & (df['Family'] <= 4),
(df['Family'] == 1) | ((df['Family'] >= 5) & (df['Family'] <= 7)),
df["Family'] >= 8 5
], [2J lJ e])

submission = pd.DataFrame({
'Passengerld': test_df[ 'PassengerId'],
'Survived': final preds.astype(int)

submission.to csv("@7_rf LabelE 208-6 skfold5 Fe.csv", index=False)
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"Title'] = df["Name'].map(lambda x: x.split(’, *)[1].split(’'. *)[@])
‘Title"].replace([ 'Capt’, 'Col’, 'Major', "Dr', 'Rev'], 'Officer’, inplace=True)
T1tle ]-replace([ 'Don",

Sir", "the Countess’, 'lLady’, "Dona’'], "Royalty’, inplace=True)
.replace([ "Mme’, 'Ms"], 'Mrs’, inplace=True)

peplace{ [ "Mlle® ] » "Miss® » inplace =Tr'|JE:| Survival Count by Family Size
.replace([ ' Jonkheer*], 'Master’, inplace=True) = © 7 (£%7) : Survived =1

@ #F (ZEL) : Survived =0

df[ "Cabin’] = df['Cabin"].fillna( "Unknown")
df[ "Cabin L"] = df[ 'Cabin’].str.get(8)

df| "Embarked’] = df[ 'Embarked’].fillna(’S")

Family Size

df[ "Family ] = df[’Sib5p°"] + df['Parch’] + 1
df[ "Family L'] = np.select([

I,

(df["Family'] >= 2) & (df['Family'] <= 4),

(df[*Family'] == 1) | ((df[*Family'] >= 5) & (df['Family'] <
df['Family'] >= 8

[2, 1, @])
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08_rf_LabelE_200-6_skfold5_FeAll_0.80382.py Osoﬂz !

import pandas as pd train = dfm[dfm[*Survived® ].notnull()]
from sklearn.ensemble import RandomForestClassifier test = dfm[dfm[’ Survived'].isnull()].drop( Survived®, axis=1)
from sklearn.model_ selection import StratifiedKFold X = train.drop(Survived', axis-1).values
o - -
from sklearn.preprocessing import LabelEncoder

import numpy as np

y = train[ "Survived® ].astype(int).values

from sklearn.metrics import accuracy_score X test - test.values

from scipy.stats import mode

skf = StratifiedKFold(n_splits=5, shuffle=True, random state=42)

test preds = []

val scores = []

for fold, (train_idx, val_idx) in enumerate(skf.split(X, y), 1}:
model = RandomForestClassifier(n_estimators=200, max depth=6, random_state=42)
model _fit(X[train_idx], y[train_idx])

df[*Age’] = df['Age’].fillna(df[ 'Age’].median()) val_pred = model.predict(X[val_ idx])

df['Fare'] = df['Fare'].fillna(df['Fare"].median()) val_acc = accuracy_score(y[val_idx], val pred)

val scores.append(val _acc)

print(f“Fold {fold} CV Accuracy: {val_acc:.5f}")

test_preds.append(model . predict(X_test))

train_df = pd.read_csv("train.csv")

test_df = pd.read csv("test.csv")

test_df[ 'Survived'] = np.nan

df = pd.concat([train_df, test df], ignore_index=True, sort=False)

df['Title'] = df['Name’].map(lambda x: x.split(’, ")[1].split(". *)[e]) print(f"Mean CV Accuracy: {np.mean(val scores):.5f}")
df["Title'].replace([ 'Capt’, "Col", "Major’, 'Dr', 'Rev'], "Officer’, inplace=True)

df["Title'].replace(['Don’, 'Sir’, "the Countess', ‘lLady’, 'Dona’], "Royalty', inplace=True)

df[:T%tle:].replace([:ﬂme'T 'M?'!, :MP?" inplace=True) test_preds = np.array(test_preds)

1] T%tle R e I 1np1ac?=TPue) final_preds = mode(test preds, axis=0, keepdims=False).mode
df[ "Title'].replace([ 'Jonkheer"], 'Master’, inplace=True)

df["Cabin’] = df[ Cabin”].fillna( Unknown")

df["Cabin_L"] = df['Cabin’].str.get(0)
surnames = df[ ‘Name’].str.split(",").str[8].str.strip()

df["Embarked’] = df['Embarked"].fillna('s") family n = surnames.map(surnames.value counts())
df["Family'] = df['SibSp’] + df['Parch’] + 1 Dead list = set(surnames|[ (family n»=2)&((df[ Age’]<=16)|(df[ "Sex’ ]=="female'))&(df[ "Survived' ]==8) ])
df['Family L'] = np.select([
(df[ "Family'] »>= 2) & (df[ Family'] <= 4), Surv_list = set(surnames[ (family n>=2)&( (df[ Age’]> 16)&(df[ 'Sex']=="male" ))&(df[ Survived']==1) ])
(df["Family'] == 1) | ((df['Family'] »>= 5) & (df[ Family’] <= 7)),
df["Family'] >= 8 for i, s in enumerate(df.loc[df[ "Survived'].isnull(), ‘Name’].str.split(’,").str[@].str.strip()):
1, [2, 1, @]) final preds[i] = @ if 5 in Dead list else 1 if 5 in Swrv_list else final preds[i]

features = ['Pclass’,'Sex’', 'Age’, Fare’, 'Embarked",'Title’,"Family L', 'Cabin_L"']
dfm = df[[ Survived'] + features].copy()
for col in ['Sex”, 'Embarked’, 'Title', "Cabin L']:

le = LabelEncoder()

dfm[col] = le.fit transform(dfm[col].astype(str))

submission = pd.DataFrame({
"Passengerld’: test df[ 'Passengerld’],
"Survived': final_preds.astype(int)
9]
submission.to_csv("88_rf_LabelE_2080-6_skfold5 FeAll.csv”, index=False)
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surnames = df['Name’].str.split(’,’).str[@].str.strip()
family n = surnames.map(surnames.value counts())

Dead list = set(surnames|[ (family n>=2)&( (df[ Age’]<=16) | (df[ Sex’ ]=="female" ) )&(df[ 'Survived’]==08) ])

Surv_list = set(surnames|[ (family n>=2)&( (df[ 'Age']> 16)&(df[ Sex’']=="male’ ))&(df[ 'Survived’']==1) ])

for i, s in enumerate(df.loc[df[ 'Survived'].isnull(), "Name'].str.split(’,").str[@].str.strip()):
final preds[i] = © if s in Dead list else 1 if s in Surv _list else final preds[i]
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