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Kaggle Titanic 2~

https:/ /www.kaggle.com /competitions /titanic

Titanic - Machine Learning from Disaster RAR=wHE - KEHS DRSS

Start here! Predict survival on the Titanic and get familiar with ML basics CoASEBELLS | A1 v A EOEEEETFAIL. MRS EORRESTEL LS
Overview Data Code Models Discussion Leaderboard Rules Team  Submissions WME F—4 DTI—F 7 @B% U—4—F—F L=l F—L 29
Overview =
CO This competition runs indefinitely with a rolling leaderboard. Learn more CO ZOaArTAMIEERETEEIN. V-4 —FK—-RIZEESHINET. FMEIE55

Description

4 = Ahoy, welcome to Kaggle! You're in the right place. £ L CAICBIE. Kaggle AL S CE! CCIREBARBPATY,

This is the legendary Titanic ML competition — the best, first challenge for you to dive into ML competitions and CAUREERRY A Titanic ML O F 2 T, ML 3> T X MCRUIAH. Kaggle 77w b7 —LOTHAZERBT 270
familiarize yourself with how the Kaggle platform works. . RADRBEDF ¥ LYITT,

If you want to talk with other users about this competition, come join our Discord! We've got channels for COAVARTav2VWTHOA—HF—EELEVWAR. TUDIscordicTEBMLZE W ! ARTr 3, RARER.
competitions, job postings and career discussions, resources, and socializing with your fellow data scientists. Follow FrYUFICEATEZTsRAAviar. UY—R, FLTF—EHIIVT1 A ML DERO=HDF v oI EZHEELT

WET, 5500577 EIXLTLEE W ! https://discord.gg/kag gle

815, BiERUCEAEATEATIICSH
TE. BBLTitanicQ RFChatGCPTHRZTINS.

the link here: https://discord.gg/kaggle
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885 NDFLHENEM . MEINI=DIXT1I2ATERE  train.cov EETEFNENGL, tost.csv (LT REFEFLED () FELED (0)
(i322%—6:%%)0 ZFAIL. submission.csv ZiEH,
= TitanicYNEE? o FHEAE
' g *HE o RSN submission.csv (D Survived &, Kaggleﬁw%%g'é IEfRT -5 #HE
191RFISRBLEFIII VI BORET-YEEVN, £FEEETFATZ _ELEME (L5 o FHMIEIZ : Accuracy (IEREER)

BRALR) o o Leaderboard(32EXFE (Public #89. Private 896) TIEBREIN TS

50% 50%
o AN EMEOEH (F&. Rl MEIIA. REREHEY)
7 2= —HN -
Fs I\ A
o HAO:4&F orkT (Survived = 1o0r0) ) ;imm‘h% 5Lt
ENDBZTN AR
E —t
O RESh37-4
Pl A-TIL V1B RIB(EHT. W7 IVEHLERE
7714 Bl
BHEIYIZTUVY REAFL BFR (Mr, Mrsizd) | BRETYFREDIER
train.csv 2EA (891 ADEZE, survived F&HY)
ETILEE OJAT4v2m)E / IVFLTALAR / LightGBM / XGBoost %
test.csv FExSR (418 ADEZE, survived FEL) ¥
gender_submission.csv REBCSVOA, MaIEFER LT T ILETE O\ T->3Y, FEETHME (Accuracy)
2SO0 Kagglel- TR 2412 L, RITTHE
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Accuracy DETE I

A CIELLS FHITE TP +TN
cetraty = ENIRDYCE " TP+ TN + FP + FN

[ AEOEKk QEFEDSSE)
25 U

TP (True Positive) R £7F — TFLB1EFE (ELKERFETF
)

TN (True Negative) IEf2130, 3t — ETNE0E TR (ELSBETEEF
p:l))

FP (False Positive) ERRIRO0, 78 — TTIMEERFE (EFEEHTE)

FN (False Negative) IERER1 £7F — ETNA0EEFE GEeBHTE)
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train.csv FERT—2 (ERMTE) HIET=-DETIVEINGFET 5T=HIZFS
test.csv TAMRT—2 (EEfELL) HE-DETILAFAIL IRHT IR

gender_submission.csv

ST IIVIRHET—4

EHI7+—< kDA
TS ETF (Survived=1) . BEZZ5FETE (Survived=0) |
Kaggle LBTO0.76555 (Accuracy F5/E: 76.6%)
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891 A
+ Survived
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TN

FEEHETIVICLDTH

BA&&IFChatGCPTHERELZELIE.

submission.csv
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Titanic - Machine Learning from Disaster

Overview Code Models Discussion Leaderboard Rules Team  Submissions
Some childrentavenca only with a nanny, therefore parch=0 for them.
Data Explorer
gender_submission.csv (3.26 kB) &0l 93.08 kB

MM gender_submission.csv
[ test.csv

@D train.csv

Detail Compact Column 2 of 2 columns v

About this file

An example of what a submission file should look like. Summary

- ) » [ 3files
These predictions assume only female passengers survive.

» [D 25 columns

[ &, Download All ]

e» Passengerld # Survived

ChatGPT 40T{T->ClL\&FTF

&) D)

ChatGPT 40 v 9

i~

G HLLWFvwk
Q FryubEias
Q 31754

EABZEELTEID ?

“ image generator
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Train DataFrame

Passengerd
1 1
z 2
3 | 3
4 4
5 5
6 6

Survived Pelass
0 3
1 1
1 3
1 1
1] 3
1] 3

Survived Hidr%.
<NTEBIGS.

traincsveaRRLUT

[F-ERT, XFOA-TL TS

h7IN—EREERHLTHESU S

Name

Braund, Mr. Owen
Harnis

Cumings, Mrs. lohn
Bradley [Horence
Briggs Thayer)

Heikkinen, Miss,
Laina
Futrelle, Mrs.

Jacques Heath (Lily
May Peel)

Allen, Mr. William
Henry

Maoran, Mr. lames

Y. )

. I\ J

Sex

male

female

female

fermale

male

male

Age

38.0

35.0

350

SihSp

Parch

Y 1
Ticket Fare Cabin Embarked
A5 21171 71.25 5
PC 17599 71.2833 Cas C
STONOZ, 3101282 1925 5
113803 53.1 C123 5
373450 8.05 5
II0ETT 8.4583 Q
\. I\ A )
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Test DataFrame

Passengerld

Survived Hitgl\, 17153 <75\,

Pclass MName Sex
Kelly, Mr. James male

. Wilkes, Mrs. James .

3 female

(Ellen Needs)

Myles, Mr. Thomas

FFaI’IC‘S maie
3 Wirz, Mr. Albert male
Hirvonen, Mrs.
3 Alexander (Helga E female

Lindqvist)

gender submissi
oncsveaFRRFLT

45 £ 17 (Survived=1) |
B 4755358 = (Survived=0) |
Kaggle LB™C0.76555
(Accuracy F5E: 76.6%)

test.csvaFRRULT

O

u

Age

47.0

62.0

27.0

22.0

Passengerld

892

893

894

895

896

SibSp

Survived

0

1

0

Parch

Ticket

330911

240276

315154

3101298

Bl

Fare Cabin

9.6875

8.6625

Embarked

Q

5

0.62200 : submission_all _zero.csv £ BT
0.37799 : submission_all one.csv EE 4 1F
0.50239 : submission_random.csv [F[X¥F &

HEFEER32.2%DGAELESHINS,

gender_submission0.76555% 8 2 5D H ix

DB R



¢ NIL—EBLE
h3L%
PassengerId

Survived

Pclass

Ticket

Embarked

traincsvidEATGT—R ?

Bl

FEID (—&)

£7537 (0=3%1T,1=4%%) —BNEH F-TvH)
FEEOFTYMNIA (1= L4, 2 = T8, 3 = THR)
E2YT)

51

i (RiEHY)

FA19Zy I [CRIFELTVS R - EfBE DK

F19 =9I CRFELTVSER - D

FrybEs

Frybsle

TrEVES (RiEZH)

HEH (C = Cherbourg, Q = Queenstown, S = Southampton)

o FEEEBRR
o T8 (FEEH :891A
o FF (BHERD) : 127

° /RiE#HY: Age, Cabin, Embarked

o 5-HyrEH
* survived [Z0or1 D Z{ESEFRY
o EFNIFZOYEMDIEHENSFEITS




EDALT !

Survival Count (0=Dead, 1=Survived) B2 LS
Column Missing Count Survival Count (0=Dead, 1=Survived)
0 Cabin ss7 CabinlFFEAENRIBE RCEZKOBNHB)
1 Age 177
2 Embarked
3 Passengerld
4 Survived %]
Survived
Train Data Summary
Passengerld Survived Pelass Mame Sex Age SibSp Parch Ticket Fare Cabin Embarked
| j B 1 | coun 291.0 891.0 891.0 201 891 714.0 5010 2010 891 2910 204 259 I :
2 unigue 801 2 ] 147 3
3 top praund MrOWER mate 347082 B3 BI8 5
4 freq 1 577 7 4 B4
5 — 4460 3.383333383838333 2 308541975308642 30,6901 764705850 2.523&]?856341 189 szﬂ-i 593714927048 §22M20?9655T463
6 sid 3573538420152301  DMABESOZASA2EABET g asenria40077040 14.52649733233404  1.102743432293431  (LBDGOST221129943 A9.E03428597 1500
5 2 T 3
T min 10 0.0 10 042 00 00 0.0
8 25% 2235 0.0 20 20.12% Q.o 0.0 T7.9104
| 50% 4460 0.0 30 28.0 Q.o 0.0 14.4542
10 Ti% B68.5 1.0 30 380 1.0 0.0 ki)
1M max a91.0 1.0 3o ao.0 8.0 6.0 5123292
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Sex-Wise Survival Rate
Sex

| female

2 male

Survived

0.742038216560509
5

0.188908145580589
24

Age Group-Wise Survival Rate

AgeBin
1 (0, 10]
2 (10, 20]
3 (20, 30]
4 (30, 40]
5 (40, 50]

Survived

0.59375

0.382608695652173

9

0.365217391304347

8

0.445161290322580

67

0.383720930252558

16

ROEDAZLTC !

Pclass-Wise Survival Rate

Pclass Survived
1 1 0.629629629629629
7
0.472826086956521
2 2
73
3 3 0.242362525458248

46

o BRHCEDETFE
THEDEFRAKREICEL, BHEIYBBESN TN =CENDAYET,

¢ FHrybIS5A (Pclass) CEDEFEE
FROSAONE) FEEFEERENS. IFDERIINLGYELMER A HY FE
9,

o FRMBECLOEFEOBIEIZELIY)
FELH(0-107%) DEFENF UL ($359%)
EE~HPEE (20-50i%) DEFERIEERIITIES (35-45%)



Sy Jem @
G XSICROEDABRLT !
¢ Fare (GBE) CtOEFE
¢ 1Bl x FTIRITA (Sex x Pclass) DEFE . EEFBWII-TEE £HEENSWVER
o 1FLHEHEBLEVETE (90%LLE) o BEEERESHEETEN60%E
o IEFBEMIENHTEVEETE (10%FkH) o RHEVEERTRETERNN2S%IZE

. - HENBROREERB
o — MMM R TEEFENEEENTWEEERENET

¢ Embarked (FEfE) CLOEEE

= C# (Cherbourg) NoESEEEOEFERNEESL
¢ RELTVEREHOEE
S# (Southampton) [FEFELFPPED

sibsp (& -EEBH) Zt:
o EJRZEM (SibSp=0) FEFEAMEL (~34%)
o SibSp=1HEUNEFEEANT Z0EREIPVREL

+ MEEIHREY MY R (Survived: DEETR)

BHE 1EEIEH (SurvivedZ ORIER)
parch (FR-Fft) J¢:

e Parch=1~3BEZTCREEFEZENSH (50%LL L)

Pclass -0.34 (A0 SMFEVErEEES)
Fare 026 (IEMHEE)

SibSp/Parch [F(FE1EE8~55\ IE48E




BT !

ISICiEHE

¢ Cabin[BIRODBELEEFR
o cabin BN B3 BEEOEEFEIET FL

= FRITADEZIFECabinA BV H TENTEY, EFEEESL

o ZABIOPOHIE (Title) LEFE
- Mrs , Miss, Master REDEFrEHMHEL, BT ICETEEFER
e EB (R

* M-,

mrs (BEEEZME) ¥ miss (RELM) FEEFEXEHNEH

mr (B [FHERES

master (EEFME, FLLE) s

Dr, col, capt BEDHHTITIH Y INEALLVNEE S2HY
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Survival Rate By Sex And Pclass

Survival Rate by Sex and Pclass

0.9

0.8
0.50

0.7

female

5 0.6

Sex

= 0.5

- 0.4
0.37 0.16 0.14

male
1

-0.3
-0.2

1 2 3
Pclass

2P, ChatGPTHIRENANL TEIE,

FAHEYRTI Y b

1FHEIEFENEZICHL ([EF 1.00)
3FBHGEFENEZIEN (010 LLTF)
DIANEWEE, ZLTEZETHZFEEFERN S MER
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Correlation Heatmap

Q EBMRAVE:

Correlation Heatmap

1.0 \
T o pclass (BEZHH) & survived DEOIBENEY (-0.34) :
= 100 0.08 .0.04 0.08 0.26
2 0.8 o EEmAEL (1%F) FEEFELPTL
E“- - e fFare (GEE) ! survived [CHEIEDMIEHE (0.26) :
% 1.00 -0.37 D.08 0.02 -0.55 - 0.6
. o EELRFTYMOANEFEENS MER

0.10 | 04 e Age, Sibsp, parch [fLLEAVIEEEASEL

Age

-0.2
0.41 0.16

SibSp
o
s
L]
&

- 0.0

y | | | Y fucE. hTIIERRTSO-RULTEOE
I H3ERRI TN 172 B ERCE ST,

Survived Pclass A_lé_lt'_‘ SibSp F’alrch Fare
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Correlation Heatmap (Including Encoded Categorical Variables)

Correlation Heatmap (Including Encoded Categarical Variables) ) SnEEEE A1 = TEE A e
encoded_df[ 'Sex'] = encoded_df['Sex"'].map({'male’': @, 'female': 1})
encoded_df[ 'Embarked'] = encoded_df[ 'Embarked'].map({'S': @, 'C': 1, 'Q': 2})

“ = . 0.8 encoded_df[ 'HasCabin'] = encoded_df['Cabin’].notnull().astype(int)
Pclass g 0,13 008 0 004 0,03

Sex - 054 0.13 0.09 0.11 0.25 0.12 -0.25

Age - 40L.0B -0.09 -0.31 -0.19 0.10 0.01 0.25 0.31 = 0.4

Survived 0,54 .08 -0,04

=]
on

encoded_df['Title'] = encoded_df['Title'].astype('category').cat.codes

SihSp- 0.04 008 011 | -3l ﬂ D41 016 D06  0.04 | -0.20 .-
= 2
Farch- 0OB 002 025 018 041 022 008 004 | 013 Q i E m{j I\
0.0
" H 018 010 015 02 [ERSEM 005 | 048 008 *  Sex ('|$EID ¢ survived : 78 L\IEUJ*E ] (0-54)

Embarked .11 0,04 012 0ol =0, 0,08 0,06 0.02 -0.13 . ?f]’& {: 1 ) U)?Ij_ ﬁ.{\ﬁz #% ﬁi\_l%_ IJ\
§ 0.4 _ -
HacCabin - 032 [ECRERM o014 025 004 004 048 002 “ 0.04 HasCabin (CabinlEEHMEE) ¢ survived : PEEDIEOIEE

Title = 0,19 0.03 -0.25 031 0.20 .13 008 0,13 .04

¢ Pclass ., Fare E@%Jﬁgég

Fare =

Sib5p
Parch =
Title

[ ]

Title (B#F) GHIZEDOEEHNHD

Survived =

Embarked -
HasCabin

20
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BHEL AT

=128
SEEHA

Sex
Embarked
HasCabin
Title
FamilySize
IsAlone
AgeBin

FareBin

EM-ZRLEEEE

N 7%17->C!

AE

male=0, female=1 [LZ#k

S=0, C=1, Q=2 [C &
CabintE DB E (1=54Y, 0=%L)
Zain'oHE LR (h7 JUEET)
EZERIEAE (SibSp + Parch + 1)
EimFEM (FamilySize==1)
FEHoLyEl (0~60h7 7))

EBEomain7IUk (0~3)
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S S a07:L2RODD NG| \ERRE - T

B = IN7—3
MAODICHS AL SON ETRO=A I3, ENENR
53575 (HENTI) RELT ST,

5 S 9 .L\7 o l/z |~ 2OMRT— DS ETILEL B LSS,

- PR :FHRAREA (Decision Trees)
2 07AL AN SBRORER 20 \FI (BRPICIZ B

sk T — 32 NATLIB),
B RENSRT—20—BR(7—h R 24 UL ) E—
O A A HORBEBOHEE-THREINBES, 'F40 GHEE%E
A }5%3.
AO O J FBR: 83 (Voting)
-BRERDELNF—20053% T L33,
O AA ENENOTMBROBR(BHIR) ICHHBHNFT,

- & :RENGI5HR

BRI REEEEEITR (AL SO, FHLTALRR
SABRCERT, Hht | A |— 2HELTOT MBRICGHET.
CHBEE (1) L THRN3,

IRE HSR | = : BIMOREARSI RS BICH<, ATt

SR HERENTEL .

s =ﬁi‘§§\"5’:—’i®5>’:¢'bi§?ﬂ:
ChatGPTICIF =M >Random Foresthi 15, &-C, BHIGRERNTES,
L LN i FMBRIUTLBED, &

#{ENTOIHE,




NHBEEEICTFT A Z2L7AL RNTsubmission.csva{ERKL T !

if (
not allow_nan
and estimator_name
# Improve the error message on how to handle missing values in
# scikit-learn.
msg_err += (
f"\n{estimator_name} does not accept missing values"”
" encoded as NaN natively. For supervised learning, you might want"
"#estimators-that-handle-nan-values"
)
--> 146 raise ValueError(msg_err)
148 # for object dtype data, we only check for NaNs (GH-13254)
149 elif X.dtype == np.dtype("object") and not allow_nan:

ValueError: Input X contains NaN.

RandomForestClassifier does not accept missing values encoded as NaN natively. For supervised 1

{4 G )

I5-OFEREE. X _train [C RiBfE (NaN) HEFENTNSBH. RandomForestClassifier A
INEWETETCELLTNET,

BEREE ¢ X_train ORIBEZHT
* Age ¥V Embarked BER train.csv [CE—HRIBLTIWVEIERREATT,

o ShoEELT. BE RandomForestClassifier #{£-5T submission.csv ZTERLLET,

frl3Ed. b

2P, T5—CESSH,. BRCRIRMEHTZT
ZIE"EANT, e !

X_test BlICE&RIEME (NaN) A>T, BU RandomForestClassifier NIS-(CAVE
L7z,

CHI—EI 55—, SEIFtesHBIE
fEtH7c.

ISICHEEE: - -

RandomForestClassifier [C&YFH|ZFTL\. submission.csv Z1IEE(CIERLELT.
A3y 0-KY%4: submission.csv

ZDI7AIN%EZDEE Kaggle [CIRHATEETT,

R !
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= : submission!

Q search X | Submit to Competition

RandomForestClassifier [C&YFH|%Z4TL\. submission.csv Z1IE®E(CIERLELT.
Titanic - Machine Learn File Upload Notebook

+
A7 0-R Y% submission.csv Overview Data Code Model
’ ’ @ P\ ‘ Titanic - Machine Learning from Disaster
5 = You have 10 submissions remaining today. This resets in 6 hours.
Z@jT’rJlﬂE%@ii Kaggle I:}ZE 9 48 A. Naman
i
49 Abraham GuevaraD
N @

50 - 8687 Drag and drop file to upload

{ See8638

(e.g., .csv, .zip, .9z, .72)

Mpgooh
< pq;

or

v
8689 Jack Parris
Browse Files
submission.c
sy L il GeeniEes Your submission should be a CSV file with 418 rows and a header. You can upload a zip/gz/7z archive.
SUBMISSION DESCRIPTION
8691 Janeliz Enter a description
\i ‘ ’ 8692  TharuD
L ([ ]

8693 jean kaede SUBMIT USING THE KAGGLE API

o o
ender submission.csv - e mpeitans st < e Sfmmpwmen e 00
o o 8694 Logan Gerard

(LB: 0076555) submission.csv
$‘lEZ:Th‘i'E‘\ 0’ @ Complete-now.-ChatGPT, feature engineering, random forest Lz an

24



@) 0.1344

4 12512, gender submission.csv&lIERATHIE
(Vo ?

- RO7N 0.73444 T, gender_submission.csv(FHEHK 0.76555 12E ) FLHEL FRHAIF, EICHUTOSFHGERNEZSNFT:

L gender_submission.csv [X[ZEE4ETF. BELFETIOIN-ILN-XF
il
o FEBILYVIIVCIA. TitanicT -F Tk KEDEFENSL BEQEFEMEL 5. 20
W=IVEFTE Z22ZIBVBE 2HEET.
o EE KaggleAXDAR-ATMVELTHEERINTNET,
Q HED RandomForest TEFIOAITHEWNEH

1. 8%F or BRELISFHE
e Title, FareBin, AgeBin, IsAlone BYDIEFHMEELIHEALILEA, BYCHVTLA
Wor JAR[CE2TWA R EEE R HYET .
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